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Impact and Innovation Unit, Government of Canada, 2019, Measuring Impact by Design: A guide to methods for impact measurement: (a new
reference guide for those involved in the design, delivery, procurement or appraisal of impact measurement strategies in Canada, a helpful
summary of different methods).

Informed Choices Network, 2019, A framework for thinking critically about claims, evidence, and choices. (useful resources). Available free on
the internet at: https://thatsaclaim.org/

Intrac 2017, Most significant Change, (a description of MSC plus a summary of strengths and weaknesses). Available free on the internet at:
https://www.intrac.org/wpcms/wp-content/uploads/2017/01/Most-significant-change.pdf

Intrac, 2017, Impact Assessment, (a useful summary of issues to consider). Available free on the internet at:
https://www.intrac.org/wpcms/wp-content/uploads/2017/01/Impact-Assessment.pdf

Intrac, 2018, Reporting Change, (a useful easy to read overview, recommended). Available free on the internet at:
https://www.intrac.org/wpcms/wp-content/uploads/2017/01/Reporting-change.pdf
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Intrac, 2021, Qualitative Impact Protocol. (I don’t find this method very persuasive, similar limitations as the most significant change approach)
https://www.intrac.org/wpcms/wp-content/uploads/2019/05/QUIP.pdf

loannidis, J. 2018, ‘Randomized controlled trials: Often flawed, mostly useless, clearly indispensable: A commentary on Deaton and Cartwright’,
Social Science & Medicine, Volume 210, Pages 53-56. (insightful, reviews problems with RTCs and the common limitations of observational
studies)

J-PAL, 2017, Impact Evaluation Toolkit. (a guide to impact evaluation methods)

J-PAL, 2020, Library of Research Resources. (with an emphasis on experiments)
https://www.povertyactionlab.org/research-
resources?utm source=newsletter&utm medium=email&utm campaign=aug20&view=toc

Jabeen, S. 2018, ‘Unintended Outcomes Evaluation Approach: A Plausible Way to Evaluate Unintended Outcomes of Social Development
Programmes’, Evaluation and Program Planning, 68, 262-274. (a good paper addressing one of evaluation’s weak areas, highly recommended)

Jacob, R. et al 2012, A Practical Guide to Regression Discontinuity, MDRC. (the title says it all, available free on the internet)

Jimenez. E. 2019, Be careful what you wish for: cautionary tales on using single studies to inform policymaking, 3IE Blog, (explains why we
need to be careful about generalising from singe studies)
https://www.3ieimpact.org/blogs/be-careful-what-you-wish-cautionary-tales-using-single-studies-inform-policymaking

Johns, M. et al 2012, ‘Evaluating the NYC Smoke-Free Parks and Beaches Law: A Critical Multiplist Approach’, American Journal of
Community Psychology, DOI: 10.1007/s10464-012-9519-5. (a helpful explanation of this approach, recommended)

Johnson & Ahn, 2017, ‘Causal Mechanisms’ in The Oxford Handbook of Causal Reasoning, Waldmann (ed), (this chapter reviews empirical and
theoretical results concerning knowledge of causal mechanisms—abeliefs about how and why events are causally linked)

Judd & Kenny, 1981, Estimating the Effects of Social Interventions, Cambridge. (heavy emphasis on statistical applications, for the enthusiast)

Kahneman, D. 2013, Thinking, Fast and Slow; Farrar, Straus and Giroux. (discusses why cognitive biases are common across all aspects of our
lives and why human beings are generally unable to accurately perceive causal relationships, highly recommended)

Kazdin, A. 2011, Single-Case Research Designs, Oxford University Press. (an under-utilized approach in my opinion)

Kenny, 2004, Correlation and causality, (a very technical book about analysing causal impacts using statistical models). This book is available
free on the net at: http://davidakenny.net/cm/cc.htm

12


https://www.intrac.org/wpcms/wp-content/uploads/2019/05/QUIP.pdf
https://www.povertyactionlab.org/research-resources?utm_source=newsletter&utm_medium=email&utm_campaign=aug20&view=toc
https://www.povertyactionlab.org/research-resources?utm_source=newsletter&utm_medium=email&utm_campaign=aug20&view=toc
https://www.3ieimpact.org/blogs/be-careful-what-you-wish-cautionary-tales-using-single-studies-inform-policymaking

King, J. 2018, OPM’s Approach to Assessing Value for Money, Oxford Policy Management. (useful and practical guidance)

Knight, C. 2015, ‘Mechanism-Based Causal Analysis’, International Encyclopedia of the Social & Behavioral Sciences. (this article investigates
five major approaches to causal mechanisms toward the goal of identifying major points of consensus and contention. It further suggests that there
are two distinct approaches to causal mechanisms: ‘top-down’ approaches that seek to generalize empirical events under widely instantiated causal
patterns, and ‘bottom-up’ approaches that seek to disaggregate ‘average causal effects’ by opening up the ‘black-boxes’)

Kotvojs, F. and Carolina Lasambouw, C. nd, MSC: Misconceptions, Strengths and Challenges. (a good summary). Available free on the internet
at: https://www.aes.asn.au/images/stories/files/conferences/2009/Papers/Kotvojs,%20Fiona%20-%20MSC.pdf

Kréamer et al. (2021), Rigorous Impact Evaluation: Evidence generation and take-up in German development cooperation, German Institute for
Development Evaluation (DEval), Bonn. (useful insights into organizational issues: What are existing barriers to (a) the initiation of RIE and (b)
the take-up of RIE evidence?)

Kraft MA. 2019, “Interpreting Effect Sizes of Education Interventions”, Educational Researcher; 49 (4) :241-253. (this tends to be a weak area in
most published evaluations, the author presents guidelines for interpreting effect sizes that are applicable across the social sciences, recommended)

Krauss, A. 2018, “Why All Randomized Controlled Trials Produce Biased Results”, Annals of Medicine, 50:4. (highly recommended, RTCs are
never conducted without some degree of bias and this paper explains why. The idea of a single study that provides the ultimate definitive answer is
flawed. We slowly and steadily build up our knowledge base over time. Undertaking research is similar to an Easter egg hunt combined with a
jigsaw puzzle with no instructions; we are putting a mosaic together piece by piece over time)

LaLonde, 1986, “Evaluating the Econometric Evaluations of Training Programs with Experimental Data”, American Economic Review, vol 76,
pp. 604-620. (the classic article explaining why the econometric analysis of correlational research designs usually fail to achieve accurate
estimates of program impact)

Lam, S. 2020, “Toward Learning from Change Pathways: Reviewing Theory of Change and Its Discontents”, Canadian Journal of Program
Evaluation doi: 10.3138/cjpe.69535 (this paper identifies 7 common problems with ToC based evaluations, makes some good points)

Lam & Valencia, 2019, ‘Retrospective Pretest and Counterfactual Self-Report: Different or Same?’, Journal of MultiDisciplinary Evaluation,
Volume 15, Issue 33. (the evidence shows that people are very inaccurate judges of change over time)

Lance, P. et al 2014, How Do we Know If a Program Made a Difference? A Guide to Statistical Methods for Impact Evaluation. Chapel Hill,
North Carolina: MEASURE Evaluation. (a useful overview of methods)

Landsittel, Douglas; Srivastava, Avantika; Kropf, Kristin. 2020, ‘A Narrative Review of Methods for Causal Inference and Associated Educational
Resources’, Quality Management in Health Care: October/December 2020 - VVolume 29 - Issue 4 - p 260-269 (the available literature is vast and
difficult to summarise, RTCs are often not feasible while using observational data for causal inference is quite challenging))
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Langbein, 1980, Discovering Whether Programs Work, Goodyear. (good but technical)

Larson, 1980, Why government programs fail, Praeger. (The reasons: a faulty theory of change/strategy; poor implementation; a changing
external environment; or the evaluation itself is faulty)

Ledford, J. 2018, “No Randomization? No Problem: Experimental Control and Random Assignment in Single Case Research”, American Journal
of Evaluation, vol. 39, no. 1. (an overview of the use of single subject designs for impact evaluation to assess changes in level, trend and
variability)

Lee et al, 2019, ‘Investigating causal mechanisms in randomised controlled trials’, Trials, (there are various methodological issues and
assumptions that should be considered when mediation analyses of randomised trials are used to inform clinical practice and policy decisions)
https://trialsjournal.biomedcentral.com/articles/10.1186/s13063-019-3593-z

Leeuw, F. and Vaessen, J. 2009, Impact Evaluations and Development: Nonie Guidance on Impact Evaluation, The Network of Networks on
Impact Evaluation. (a useful overview from a World Bank economic perspective)

Li, S. and Liu, Y. 2020. Using big data to evaluate the impacts of transportation infrastructure investment: the case of subway systems in Beijing,
3ie Impact Evaluation Report 115, New Delhi: International Initiative for Impact Evaluation (3ie). Available at:
https://doi.org/10.23846/DPW1IE115. (this report uses interrupted time series analysis combined with comparison groups and pattern matching, a
good example of using multiple methods to arrive at a defensible conclusion a la Reynolds & West)

Light, P. 2014, A Cascade of Failures: Why Government Fails and How to Stop It, Centre for Effective Public Management at Brookings.
(analysis of government failures in the USA, insightful for evaluators. The reasons: poor policy; inadequate resources; culture; structure; lack of
leadership)

Liao & Deviatko 2015, ‘History of Causal Analysis’, International Encyclopedia of the Social & Behavioral Sciences, 2nd edition, Volume 3.
(recommended)

Loannidis, J. 2005, ‘Why Most Published Research Findings Are False’, PLOS Medicine. (discusses a range of potential biases). Available free
on the internet at: https://journals.plos.org/plosmedicine/article/file?id=10.1371/journal.pmed.0020124&type=printable

Lwamba, E. et al 2021, Protocol: Strengthening women’s empowerment and gender equality in fragile contexts towards peaceful and inclusive
societies: a systematic review and meta-analysis, 3ie. (an excellent example of a protocol for an evaluation synthesis study)

Lynn, J. et al 2021, ‘Lost Causal: Debunking Myths About Causal Analysis in Philanthropy’, The Foundation Review, vol 13, Issue 3. (a useful
rebuttal of common myths about causal analysis)

McClintock, C. 1990, “Evaluators as Applied Theorists”, American Journal of Evaluation 11(1):1-12 DOI:10.1177/109821409001100102.
(highlights the value of applying program and implementation theory when undertaking impact evaluations)
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Macintyre, S. 2011, ‘Good Intentions and Received Wisdom are Not Good Enough’, Journal of Epidemiology and Community Health, 65(7), 564-
567. (reviews the arguments for and against RTCs)

McMillan, 2007, Randomized Field Trials and Internal Validity: Not So Fast My Friend, (good overview of the limitations). Available free on the
net at: http://pareonline.net/pdf/iv12n15.pdf

McMurry et al, 2015, “Propensity scores: Methods, considerations, and applications”, Journal of Thoracic and Cardiovascular Surgery, 150:14-9.
(the authors conclude that results from most of the examples of PS that they examined were not convincing due to methodological problems)

Manning, R., lan Goldman, I. and Licona, G. 2020, The Impact of Impact Evaluation, WIDER Working Paper 2020/20, United Nations
University. (a discussion of various political aspects of impact evaluations)

Mark & Reichardt, 2004, ‘Quasi-experimental and correlational designs: Methods for the real world when random assignment isn’t feasible’. In
Sansone, Morf and Panter, (eds), Handbook of methods in social psychology, (pp. 265-286), Sage. (useful introductory overview, recommended)

Markman, A. 2015, ‘Two Ways to Keep Your Data from Tricking You’, Harvard Business Review. (the author argues for developing and testing
predictions/hypotheses and examining statistical interactions, | think this is great advice)

Masset, et al, 2019. Successful Impact Evaluations: Lessons from DFID and 3ie, Centre of Excellence for Development Impact and Learning.
(achieving the goals of credibility, relevance and policy impact is very challenging)

Masset, E., Shrestha, S. and Juden, M. (2021). ‘Evaluating Complex Interventions in International Development’. CEDIL Methods Working Paper
6. Centre of Excellence for Development Impact and Learning (CEDIL), London and Oxford. Available from: https://doi.org/10.51744/CMWP6
(this paper has been strongly criticized by Aston 2021 who disagrees with how Masset defines complexity. I think Aston has a good point but he
himself misunderstands epistemology and causal analysis)

Maxwell, J. ‘Using Qualitative Methods for Causal Explanation’, Field Methods, vol. 16, No. 3, pp 243-264. (an easy to read introduction to the
topic of developing and testing causal explanations)

Mayne, J. 2008, Contribution analysis: An approach to exploring cause and effect, ILAC Brief 16. (a popular approach based on using program
theory and performance indicators - shares similar strengths and weaknesses)

Mayne, J. 2019, A Brief on Contribution Analysis: Principals and Concepts, available via LinkedIn. (explains what CA can and cannot do,
although | disagree with his approach to assessing causality).

Mayne, J. 2019, ‘Revisiting Contribution Analysis’, Canadian Journal of Program Evaluation, 34.2, 171-191. (an update on the method which
continues to evolve over time becoming more rigorous and also more complex/resource intensive)
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Mayne, J. 2019, Assessing the Relative Importance of Causal Factors, Centre for Development Impact, Practice Paper. (written from the
perspective of CA and hence this approach shares the same advantages and disadvantages, in my opinion path analysis is a much better
methodology for comparing the strength of causal pathways)

Mayo, D. 2018, Statistical Inference as Severe Testing: How To Get Beyond the Statistics Wars, Cambridge: Cambridge University Press.
(essential reading for those interested in Bayesian vs frequentist methods, and what constitutes credible evidence)

Mclntyre, L. 2019, The Scientific Attitude, MIT Press. (this text places scientific methods into their broader context which I found helpful when
thinking about different approaches to impact evaluation and what counts as a credible finding and the role of sound scientific processes and more
importantly the scientific “attitude’ and ‘community’)

Michalopoulos, 2004, ‘Can Propensity-Score Methods Match the Findings from a Random Assignment Evaluation of Mandatory Welfare-to-Work
Programs?’ The Review of Economics and Statistics, VVol. 86, No. 1, Pages 156-179. (the answer: occasionally, but not consistently)

Miles and Huberman, 1994, Qualitative data analysis, Sage. (contains examples of undertaking causal analysis with qualitative data,
recommended)

Mill, J. S. 1843, A System of Logic Ratiocinative and Inductive, 8th edn. New York: Harper and Brothers. (Mill proposes 3 criteria for testing
causal relationships: association, temporal order; and non-spuriousness)

Mohr, 1995, Impact Analysis for Program Evaluation, Sage. (an advanced discussion of research designs and impact analysis)

Mohr, 1999, "The Qualitative Method of Impact Analysis', American Journal of Evaluation, 20, 1, pp. 69-84. (useful introduction to the topic)

Morgan, Stephen L. and Winship, C. 2014, Counterfactuals and Causal Inference: Methods and Principles for Social Research (Analytical
Methods for Social Research), New York: Springer. (an easy to read introduction for social researchers)

Muller, J. 2018, The Tyranny of Metrics, Princeton University Press. (a useful discussion of the limits of measurement as a management tool)

Meyer, B. D. 1995, ‘Natural and quasi-experiments in economics’, Journal of Business & Economics Statistics, 13(2), 151-161. (a useful paper,
discusses internal validity from an econometric perspective)

Murnane and Willett, 2010, Methods Matter: Improving Causal Inference in Educational and Social Science Research, Oxford University Press.
(a good introduction, not overly technical and includes many examples)

National Institute for Health Research, 2016, Assessing claims about treatments effects: Key concepts that people need to understand. (a useful
summary). Available on the net at: http://www.testingtreatments.org/key-concepts-for-assessing-claims-about-treatment-effects/?nabm=1
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Network of Networks on Impact Evaluation, 2009, Impact Evaluations and Development — NONIE Guidance on Impact Evaluations. (a review
of the methods commonly used by development agencies). Available free on the net at: http://www.worldbank.org/ieg/nonie/guidance.htmi

Nisbett and Ross, 1985, Human Inference: Strategies and Shortcomings of Social Judgments, Prentice-Hall. (explains why we all struggle to
accurately perceive causal relationships, basically people are terrible at this due to various ‘involuntary’ cognitive biases)

Nobbs, J. 2021, The Problem with Observational Studies (Epidemiology), (makes some good points). Blog at:
https://www.jeffnobbs.com/posts/the-problem-with-observational-studies-epidemiology

Noble, J. et al, 2020, Understanding Impact — Using your theory of change to develop a measurement and evaluation framework, NPC.

Norad, 2008, The Challenge of Assessing Aid Impact: A Review of Norwegian Evaluation Practice, (provides a number of examples of
problematic impact evaluations along with various lessons for better practice). Available free on the net at:
http://www.norad.no/default.asp?V_ITEM_ID=12314

Norgbey, E, 2016, ‘Debate on the Appropriate Methods for Conducting Impact Evaluation of Programs within the Development Context’, Journal

of Multidisciplinary Evaluation, vol 12, issue 27. (argues that method choices should respond to contextual and situational aspects of the
program, | agree)

Nutley, et al, 2013, What counts as Good Evidence? Alliance For Useful Evidence. (useful overview of the topic)

Nutt, 2002, Why Decisions Fail, Berrett-Koehler Publishers. (interesting review of why strategic decisions often fail, e.g. lack of consultation,
poor analysis, faulty implementation,)

Nuttall & Houle, 2008, ‘Liars, Damn Liars, and Propensity Scores’, Anesthesiology, Vol. 108, 3-4. (argues that PSM has some serious
limitations that are common to most passive observational research methods, | agree)

OECD, 2020, Building Capacity for Evidence-Informed Policy-Making: Lessons from Country Experiences. (a useful review of strategies to
stimulate demand for and use of evidence, recommended)

Olofsgard, A. 2014, Randomized Control Trials: Strengths, Weaknesses and Policy Relevance, EBA. (a balanced thoughtful summary of the
main issues).

Olsen & Orr, 2016, “On The ‘Where’ of Social Experiments: Selecting More Representative Samples to Inform Policy”, New Directions in
Evaluation, no 152. (useful suggestions for improving the external validity of experiments through better sampling)

Orr, L. et al 2019, ‘Using the Results from Rigorous Multisite Evaluations to Inform Local Policy Decisions’, Journal of Policy Analysis and
Management. (this is generally a difficult undertaking as the size of the local error is often equal or larger than the estimated effect size).
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Patton, 1982, Practical Evaluation, Sage. (of all his books this one is my favorite, great chapters on data analysis and on preparing useful
recommendations, highly recommended)

Patton, 1987, How to use qualitative methods in evaluation, Sage. (excellent discussion of combining qualitative and quantitative methods)

Patton, 1990, Qualitative Evaluation and Research Methods, Sage. (good all round reference, helpful description of different types of purposeful
sampling)

Pawson, R. 2002, “Evidence based policy: The promise of realist synthesis’. Evaluation, 8(3), 340-358.

Pawson. R. 2008, Causality for Beginners, unpublished. (unpublished but you can find this on the web. This paper compares three longstanding
modes of causal explanation: ‘succesionist’, ‘configurational’ and ‘generative’)

Pearl, 2000, Causality: Models, Reasoning, and Inference, Cambridge University Press. (advanced technical examination of causal/statistical
modeling)

Pearl, J. 2009, Myth, confusion, and science in causal analysis (Technical Report No. R-348). Retrieved from University of California, Los
Angeles website: http://www.cs.ucla.edu/~kaoru/r348.pdf

Pearl, J. and Mackenzie, D. 2019, The Book of Why: The New Science of Cause and Effect, Penguin Books. (an advanced text for the enthusiast,
challenging to read)

Peck, (ed) 2016, “Social Experiments in Practice: The What, Why, When, Where and How of Experimental Design and Analysis”, New
Directions in Evaluation, no 152. (a good overview of various issues from an econometric perspective)

Peck, L. 2017, When is Randomization Right for Evaluation? (offers principles for when experiments are appropriate). See:
http://abtassociates.com/Perspectives/March/When-Is-Randomization-Right-for-Evaluation

Peck, L. 2020, Experimental evaluation design for program improvement, Sage. (this book explains how experiments can be used to unpack the
block box of interventions, a good reference for evaluators)

Peck, L 2022, “Section editor’s note: Insights into the generalizability of findings from experimental evaluations’, American Journal of Evaluation,
vol 43,, pp. 66-69. (a good summary of the issues, also see the related articles in the same issue of the journal)

Perrin, Burt. 1998, 'Effective Use and Misuse of Performance Measurement'. American Journal of Evaluation. Vol. 19 (1):367-379. (a classic
article, highly recommended)

Perrin, Burt. 1999, 'Performance Measurement: Does the Reality Match the Rhetoric? A Rejoinder to Bernstein and Winston'. American Journal of
Evaluation. Vol. 20(2).
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Perrin, Burt. et al (eds) 2015, Evaluations that Make a Difference, (examples of evaluations from around the world that have had a positive
impact on the public). Available on the net at: https://evaluationstories.wordpress.com/evaluation-story-publications/

Peters, B. 2020, Qualitative Methods in Monitoring and Evaluation: Causal Mechanisms: Let’s Consider Golf Balls. (interesting perspective).
See: https://programs.online.american.edu/msme/masters-in-measurement-and-evaluation/resources/qualitative-methods-and-causal-
mechanisms

Peters, B. 2020, Qualitative Methods in Monitoring and Evaluation: The Philosophy of Science and Qualitative Methods. (useful introduction).
See: https://programs.online.american.edu/msme/masters-in-measurement-and-evaluation/resources/science-and-gualitative-methods

Posavac & Carey, 2002, Program Evaluation: Methods and Case Studies, Prentice Hall. (good all round text, includes a summary of the types of
evaluation questions that can be answered by particular types of research designs)

Posthumus, H. and Wanitphon, P. 2015, Measuring Attribution: a practical framework to select appropriate attribution methods, with cases from
ALCP in Georgia, MDF in East Timor, Propcom Mai-Karfi in Nigeria and Samarth-NMDP in Nepal, Hans Posthumus Consultancy. (a useful
introduction from the DCED perspective with some helpful graphical illustrations).

Powell, K. and Prasad, V. ‘Where are randomized trials necessary: Are smoking and parachutes good counterexamples?’, 2021, European Journal
Clinical Investigation, https://doi.org/10.1111/eci.13730. (an interesting paper that dispels and some common misunderstandings)

Pritchett, L. 2021, Lets Take the Con Out of Randomized Experiments, CID Faculty Working Paper No. 399, Harvard University. (this paper
argues that experiments have major problems with external validity, while the author has a point he takes a very simplistic view and ignores the
work of people such as Peck who have shown how experiments can be quite effectively used to unpack the black box and enhance external
validity)

Pritchett & Sandefur 2013, Context Maters for Size: Why External Validity Claims and Development Practice Don’t Mix, Working paper 336,
Center for Global Development. (this paper argues that impact evaluation findings are context dependent and hence we need to be very careful
when seeking to generalize/apply findings from one context to another, even when using RCTSs; | agree with this view)

Ramalingham B. 2011, Learning how to learn: eight lessons for impact evaluations that make a difference, ODI, London.

Ravallion, M. 2001, ‘The Mystery of the Vanishing Benefits: An Introduction to Impact Evaluation’, The World Bank Economic Review, vol 15,
issue 1, pages 115-140. (This article provides an introduction to the concepts and methods of impact evaluation. The article takes the form of a
short story about a fictional character's on-the-job training in evaluation)
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Reddy, S. G. 2019, ‘Economics’ Biggest Success Story Is a Cautionary Tale: Field experiments now dominate development economics—often at
the expense of the world’s poor’, Foreign Policy. (a critique of the use of RTCs in development economics, raises the usual arguments and makes
some good points but in my opinion also misunderstands some key issues). See: https://foreignpolicy.com/2019/10/22/economics-development-
rcts-esther-duflo-abhijit-banerjee-michael-kremer-nobel/

Reichardt, C. 2019, Quasi-Experimentation: A Guide to Design and Analysis - (Methodology in the Social Sciences), The Guilford Press. (a great
text on the application of quasi-experiments and why they are sometimes preferable to true experiments, for the enthusiast)

Reichardt, C. 2000, ‘A typology of strategies for ruling out threats to validity’. In Bickman (ed) Research Design: Donald Campbell's’ legacy,
Sage. (very insightful)

Reinertsen, Bjarkdahl, and McNeill, 2017, Confronting the Contradiction- An Exploration into the Dual Purpose of Accountability and Learning
in Aid Evaluation, SIDA. (their main conclusion is that, in practice, the dual purposes of accountability and learning leads to difficult trade-offs;
there are tensions and sometimes direct contradictions between maximizing accountability vs learning)

Reschovsky, Heeringa and Colby, 2018, Selecting the Best Comparison Group and Evaluation Design: A Guidance Document for State Section
1115 Demonstration Evaluations, Mathematica Policy Research. (an excellent paper with a useful decision making flow chart, highly
recommended). Available on the net at: https://www.medicaid.gov/medicaid/section-1115-demo/downloads/evaluation-reports/comparison-grp-

eval-dsgn.pdf

Reynolds & West 1987, 'A multiplist strategy for strengthening nonequivalent control group designs', Evaluation Review, 11, 6, 691-714. (an
excellent example of how to fix up a weak research design by adding additional features thereby improving your overall assessment of the
program's impact, a classic article and highly recommended)

Rogers et al 2000, ‘Program Theory in Evaluation: Challenges and Opportunities’, New Directions for Evaluation, No. 87. (a series of papers on
the strengths and weaknesses of using program theory to assist with causal analysis)

Rogers et al, 2015, Choosing Appropriate Designs and Methods for Impact Evaluation, Office of the Chief Economist, Department of Industry
Innovation and Science. (helpful introduction)

Rohrer, J. 2018, ‘Thinking Clearly About Correlations and Causation: Graphical Causal Models for Observational Data’, Advances in Methods
and Practices in Psychological Science, Vol. 1(1) 27-42. (this paper argues that it is very difficult to undertake causal analysis with observational
data although graphical methods can help, highly recommended)

Roodman, 2008, Through the Looking Glass, and What OLS Found There: On Growth, Foreign Aid, and Reverse Causality, Working Paper 137,
Center for Global Development. (discussion of assessing the impact of foreign aid)

Rosenbaum, P. 2019, Observation and Experiment: An Introduction to Causal Inference, Harvard University Press. (contains interesting
examples and is quite insightful but it is not an easy read)
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Rosling, H. 2018, Factfulness: Ten Reasons We're Wrong About the World--and Why Things Are Better Than You Think, Sceptre. (highly
recommended for its real-world examples of outcome trajectories)

Rossi, Lipsey & Freeman 2003, Evaluation — A Systematic Approach, Sage. (recommended, includes an excellent discussion of different types of
research designs and when to use each of them)

Rothgang & Lageman, 2021, “The unused potential of process tracing as evaluation approach: The case of cluster policy evaluation”, Evaluation,
Vol. 27(4) 527-543. (one of the better articles | have seen on this topic).

Rothman & Greenland, 2005, 'Causation and Causal Inference in Epidemiology’, American Journal of Public Health, Vol 95, No. S1.
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